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Abstract - Video superintendence systems are 

becoming increasingly important for crime 

investigation and the number of cameras installed in 

public space is increasing. However, many cameras 

installed at fixed positions are required to observe a 

wide and complex area. In order to efficiently 

observe such a wide area at lower cost, mobile robots 

are an attractive option. The moving object is 

identified using the Background subtraction which 

will compare the current frame with the previous 

frame. The threshold value is calculated to find the 

moving image. Using threshold value the detected 

pixel is identified. Hence the movement of the object 

is identified accurately. The motion detection is done 

using Cauchy distribution model and Absolute 

Differential Estimation. Absolute Differential 

Estimation is used to compare the background frame 

and incoming video frame if any changes occur in 

incoming video frame .Cauchy distribution Model 

is used to detect the pixel of moving object in 

the detected incoming video frame. Whenever motion 

detected that image is saved on the server and the 

server will notify the Google server. The Google 

server will send a GCM (Google Cloud Messaging),  

Alert to the android application user mobile who is 

all registered for that application. 
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I. INTRODUCTION 

 

Investigation on the number of 

superintendence cameras installed in public space 

is increasing. Many cameras installed at fixed 

positions are required to observe a wide and 

complex area, so observation of the video pictures 

by human becomes difficult. So there is a need for 

automation and dynamism in such 

superintendence systems. In order to allow the 

different users (operators and administrators) to 

monitor the system selecting different Quality of 

Service (QoS) are required depending on the 

system status and to access live and recorded 

video from different localizations i.e. from their 

mobile devices. More concretely, in Internet 

Protocol (IP) superintendence systems some 

resources involved are limited or expensive. So a 

technology using automatic detection of intruders 

(using image processing systems) and automatic 

alert systems will provide competitive advantage 

for superintendence systems.  

Superintendence is the monitoring of the 

behavior, activities, or other changing 

information, usually of people for the purpose of 

influencing, managing, directing, or protecting. 

Superintendence is therefore an ambiguous 

practice, sometimes creating positive effects, at 

other times negative. It is sometimes done in a 

surreptitious manner. According to the result of 

moving object detection   research   on   video   

sequences,   the movement of the people is 

tracked using video superintendence. The 

moving object is identified using the Background 

subtraction. The Background subtraction will 

compare the current frame with the previous 

frame. The threshold value is calculated to find 

the moving image. Using threshold value the 

detected pixel is identified. Hence the movement 

of the object is identified accurately.  

After motion detection it will send GCM alert 

to the android mobile application. The existing   

background   subtraction   methods   can detect 

moving objects by estimating the absolute 

difference between each incoming video frame and 
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the background model. There is no accuracy in 

the captured image. The moving object cannot be 

detected correctly. SMS alert about the motion 

detection to the user. Image cannot be retrieve at 

the time of motion detection. In the Proposed 

system, the moving object is identified using the 

image Cauchy distribution model method. The 

pervious frame is compared with the current 

frame. From that the moving object is identified. 

Here we can detect the exact image of the moving 

object. Another advantage of this system is when 

the threshold value is reaching the limit that time 

server detected as a motion. Then the system will 

alert the user automatically by sending a 

GCM alert to user’s mobile application.  

User will be using Android Mobile for the 

Retrieval of Images from the remote place to know 

whether those images are important and can be 

ignored. This provides high accuracy in image 

capturing. Image can be stored in the server and 

can be view at the time of motion detection. A 

service, in the SOA context, is an entity that 

receives and sends messages through well-defined 

interfaces, allowing building more complex 

applications that increase the value of the system. 

This concept can be applied to QoS-aware (Quality 

of Service) systems, in order to ease the 

configuration and reconfiguration of applications.  

II. LITERATURE SURVEY 

A. Motion Detection:  

After visual learning, the next problem is 

on action classification in video. Video 

classification builds upon and extends several 

ideas including local space-time features, space-

time pyramids and multi-channel non-linear 

SVMs. The experimental results demonstrate 

post-processing techniques that significantly 

improve the foreground segmentation masks 

produced by a BGS algorithm [3]. They 

provided recommendations for achieving robust 

foreground segmentation based on the lessons 

learned performing this comparative study. 

Given the inherent problem of noisy 

labels in automatic annotation particularly to 

investigate and show high tolerance of our 

method to annotation errors in the training set. 

Finally apply the method to learning and 

classifying challenging action classes in movies 

and show promising results.  

B. Human Actions Recognition: 

There is no accuracy in the captured 

image. The moving object cannot be detected 

correctly. A Spatio-Temporal Manifold (STM) 

model is to analyze non-linear multi-variant time 

series with latent spatial structure and apply it to 

recognize actions in the joint-trajectories space. 

Based on STM[2], a novel alignment algorithm 

Dynamic Manifold Warping (DMW) and a robust 

motion similarity metric are proposed for human 

action sequences, both in 2D and3D. DMW 

extends previous works on spatio-temporal 

alignment by incorporating manifold learning.  

This model can be applied in 

application domains like, remote monitoring, 

control and surveillance. Classic approaches to 

real-time systems do not provide the flexibility and 

fault-tolerance required in new emerging 

environments that need to combine a high degree 

of dynamism with temporal predictability. Their 

approach addresses these new challenges by 

combining concepts from the service oriented 

paradigm and distributed real-time systems. 

Experimental results demonstrate the 

effectiveness of the approach, which yields 

visually appealing alignment results, produces 

higher action recognition accuracy, and can 

recognize actions from arbitrary views with partial 

occlusion. 

The main contribution of this paper is 

twofold. First, although this method is a chrome 

based method, they made the pre-classifier 

accurate and adaptive to the change of shadow by 

using the statistical features of shadow at the 

global level. 

SMS alert [6] is about the motion 

detection to the user. Image cannot be retrieve at 

the time of motion detection. 

C. Learning 4D Feature models:  

The set of view-specific dictionaries is 

learned for specific views while the common 

dictionary is shared across different views. Our 

approach represents videos in each view using both 

the corresponding view-specific dictionary and the 

common dictionary. More importantly, it 

encourages the set of videos taken from different 
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views of the same action to have similar sparse 

representations. 

In this way, we can align view-specific 

features in the sparse feature spaces spanned by the 

view specific dictionary set and transfer the view-

shared features in the sparse feature space spanned 

by the common dictionary. Mean while, the 

incoherence between the common dictionary and 

the view-specific dictionary set enables us to 

exploit the discrimination information encoded in 

view specific features and view-shared features 

separately. In addition, the learned common 

dictionary not only has the capability to represent 

actions from unseen views, but also makes our 

approach effective in a semi-supervised setting 

where no correspondence videos exist and only a 

few labels exist in the target view. Extensive 

experiments using the multi-view IXMAS [5] 

dataset demonstrate that our approach outperforms 

many recent approaches for cross-view action 

recognition. 

It demonstrate a video surveillance system- 

comprising passive and active pan/tilt/zoom (PTZ) 

cameras-that intelligently responds to scene 

complexity, automatically capturing higher 

resolution video when there are fewer people in the 

scene and capturing lower resolution video as the 

number of pedestrians present in the scene 

increases. To this end, we have developed behavior 

based-controllers for passive and active cameras, 

enabling these cameras to carry out multiple 

observation tasks simultaneously. 

III. SYSTEM ARCHITECTURE 

Human quest for an automatic detection 

system of everyday occurrence lead to the necessity 

of inventing an intelligent superintendence system 

which will make lives easier as well as enable us to 

compete with future technology and on the other 

hand it pushes us to analyze the challenge of the 

automated video superintendence scenarios harder 

in view   of   the   advanced   artificial   

intelligence.  

Nowadays, it is seen that superintendence 

cameras are already prevalent in commercial 

establishments, with camera output being 

recorded to tapes that are either rewritten 

periodically or stored in video archives.  

To extract the maximum benefit from 

this recorded digital data, identify any moving 

object from the scene is needed without engaging 

any human eye to monitor things all the time. A 

typical method is background subtraction. Many 

background methods have been introduced to deal 

with different problems. One of the successful 

solutions to these problems is to use a multi- color 

background model per pixel proposed by Grimson. 

However, the method suffers from slow learning at 

the introducing, especially in busy environments. In 

addition, it cannot difference between moving 

shadows and moving objects. Image background 

and foreground are needed to be separated, 

processed and analyzed. The data found from it 

is then used further to detect motion. In this project 

work robust routines for accurately detecting and 

tracking moving objects have been developed   and   

analyzed.   The   new   method currently   operates   

on   video   taken   from   a stationary camera. The 

traditional real time problems are taken under 

consideration including shadow interference while 

detecting motion. An improved Cauchy distribution 

model detect the image by pixel, hence user can 

view a clear image. 

A. Architectural Model: 

 

The    architecture    of    the    system    

design specification 

 

 

 

 

 

 

 

 

 

 

 

B. User Authentication for Application:  

 

User authentication is a means of identifying 

the user and verifying that the user is allowed to 

access some restricted service. The main aim of 
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these modules is to authenticate the user to 

application to view the motion detected image this 

module include username and password for 

authentication to application the validation is based 

on web service in server. 

IV. SYSTEM IMPLEMENTATION 

A. Detecting Image Using Cauchy Distribution 

Model: 

The Main aim of this module is to detect 

the motion in the particular area. The motion 

detection is done using Cauchy distribution model 

and Absolute Differential Estimation .Absolute 

Differential Estimation is used to compare the 

background frame and incoming video frame if any 

changes occur in incoming video frame. Cauchy 

distribution Model is used to detect the pixel of 

moving object in the detected incoming video 

frame. 

B. Sending GCM Alert: 

Whenever motion detected that image is 

saved on the server and the server will notify the 

Google server. The Google server will send a GCM 

Alert to the android application user mobile who 

are all registered for that application. Google Cloud 

Messaging for Android (GCM) is a service that 

allows you to send data from your server to your 

users' Android-powered device. This could be a 

lightweight message telling your app there is new 

data to be fetched from the server (for instance, a 

movie uploaded by a friend), or it could be a 

message containing up to 4KB of payload data (so 

apps like instant messaging can consume the 

message directly). 

 

 

 

 

 

 

 

 

 

 

This is how these components interact: 

 Google-provided GCM Connection 

Servers take messages from a 3rd-party 

application server and send these 

messages to a GCM-enabled Android 

application (the "client app") running 

on a device. Currently Google provides 

connection servers for HTTP and 

XMPP. 

 The 3rd-Party Application Server is a 

component that you implement to work 

with your chosen GCM connection 

server(s). App servers send messages to 

a GCM connection server; the 

connection server enqueues and stores 

the message, and then sends it to the 

device when the device is online. For 

more information, see Implementing 

GCM Server. 

 The Client App is a GCM-enabled 

Android application running on a 

device. To receive GCM messages, this 

app must register with GCM and get a 

registration ID. If you are using the 

XMPP (CCS) connection server, the 

client app can send "upstream" 

messages back to the connection server. 

For more information on how to 

implement the client app, see 

Implementing GCM Client. 

C. Viewing the Detected Image: 

Android application will receive the 

notification (GCM) based on project id which is 

registered in Google account. Application id will 

unique for each application After receiving the 

GCM alert from the server to the application and the 

user needs to authenticate for the application The 

image can be viewed using the URL which is 

received from the GCM alert. 

  A moving security camera is positioned to 

monitor the area to detect a movement within that 

particular area. A moving object is detected within 

the monitored area is the first phase. The detection 

of a movement uses a simple but efficient method 

of comparing pixel image values in subsequent 

frames captured every two seconds from the 

superintendence camera. Two images frames are 

needed to detect any movement.  

 

The first frame is called reference frame, 

represents the reference frame values for 

comparison purpose, and the second frame, which is 

called the input frame, contains the moving object. 

The two frames are compared and the differences in 

International Journal of Scientific Research and Review

Volume 7, Issue 9, 2018

ISSN NO: 2279-543X

http://dynamicpublisher.org/160



 

pixel values are determined. Pixel values are 

threshold and saved in a third frame, which is called 

output frame, with a black or white background. If 

the “difference” average pixel value is smaller than 

a certain threshold value, then the output frame 

image will be white otherwise, the background will 

be black. After tracking the moving object motion, 

the previous input frame will now be used as a 

reference frame, and a third frame is captured and is 

called now the input frame.  

This process is repeated with the frames being 

captured every second, where the same method is 

applied. If there is a difference between the 

reference and input images frames, then an output 

image is created. The obtained output image 

contains an object that will be extracted. 

V. SYSTEM PERFORMANCE 

The features which are used for exploration 

might contribute the most in the classification by 

computing the median of the feature. Some of the 

features with the highest difference in the median 

between the two sets are summarized in Table 3. 

The table shows how the classifier might be deceive 

by reducing or adding a specific flow. 

Table III. Reference Dataset Attributes 

Positive / 

Negative 
Feature 

+ android.content.os.Bundle 

+ android.content.context 

- android.content.context.indent 

+ android.view.KeyEvent 

- android.content.context.onCreate 

 

VI. CONCLUSION 

Superintendence motion detection overcomes 

the traditional system where human intervention 

is required and to watch keenly to keep track of 

the entire system. This also has a unique feature in 

which it sends GCM prompt at once there is any 

sort of variation in the captured pixel. Here the 

usage of Android phone is essential, in order to 

effectively capture the image. The main intent to 

dedicate this detection approach is to prevent 

many unwanted things in the highly populated 

home arena. 
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